Backpropagation

Notas compiladas por
P. P. Balestrassi

HIDDEN OUTPUT
LAYER LAYER

Canal SANDECO



https://www.youtube.com/watch?v=L3lbrdCTK9w&list=RDCMUCIQne9yW4TvCCNYQLszfXCQ&index=1
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g(X) = 8(X).(1-gx),
g(X) = g(wai+wa+b)= a;

Neural networks:

Deriving the sigmoid

derivative via chain and

quotient rules



https://hausetutorials.netlify.app/posts/2019-12-01-neural-networks-deriving-the-sigmoid-derivative/
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Introducao ao Perceptron passo

a passo
Para uma
X implementacao bem
introdutodria do
Perceptron passo a
passo.
X2

Linearmente Nao linearmente
separavel separavel


https://juliocprocha.wordpress.com/2017/07/27/perceptron-para-classificacao-passo-a-passo/
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A Step by Step Backpropagation Example —-Matt Mazur



https://mattmazur.com/2015/03/17/a-step-by-step-backpropagation-example/




Back-Propagation is very simple. Who made it
Complicated? Prakash Jay
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https://medium.com/@14prakash/back-propagation-is-very-simple-who-made-it-complicated-97b794c97e5c
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